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APPENDIX A
PROOF OF THE UPPER BOUND

We show here that the loss function ¢(x;,y;) (Eq. @) of the
submitted paper) is an upper bound of A(y;,y), where x; is
the input, y; is the ground truth, and y the predicted output.
Proof:
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This proves that ¢(x;,y;) is an upper bound of A(y;,y).

APPENDIX B
PRrRooF oF PRopPosITION[T]

We prove that the inference is equivalent to a super-
vised inference, where each image z; is represented by
Swh (B (i, 0)) 454 (FE (2, ¢)). We show that the selected
regions can be predlcted independently to ranking y:
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The maximization (resp. minimization) can be decomposed
for each term of the sum, so maximizing (resp. minimizing)
the sum is equivalent to maximize (resp. minimize) each
term of the sum. Now, we analyze the predicted regions

with respect to y,, value.
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We notice that the predicted regions are the same in the
two cases: the predicted regions can be fixed independently
to the value of y,,. The inference can be written as a super-
vised inference, where the region are fixed independently to
the ranking matrix y, and each image z; is represented by
198 (FL (@1, 0)) + siot (FY, (25,0)).
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